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Individual and Employer Impacts
• This study investigates the lengths of drug treatment episodes 

with explicit comparisons of individual and employer impacts 
on episode length.  

• In analyzing health care utilization, researchers typically look
at individual characteristics.  

• With the advent of managed care, different employers and/or 
caregivers may act differently for similar employees.  

• Rather than simply identifying employers with binary 
variables, employers are characterized by employer-specific 
year-specific measures such as mean age, mean employment 
status, or mean percentage male, for example, since employer 
health care benefits packages policies may be proxied by the 
types of workers that are covered. 

• Employer-specific mean coinsurance rates and deductibles are 
also calculated. 



Database

• The database is a population of 34,000 individuals 
with either a drug or an alcoholism treatment 
diagnosis.  

• It was selected from a large health insurance claims 
database of 36 self-insured employers, for all 
treatment events starting January 1, 1989, and ending 
December 31, 1991. 



Database (2)

• We included claims of all beneficiaries less than 65 
years of age (to avoid Medicare overlap) who 
incurred at least one drug abuse or alcoholism 
treatment event in the 3-year period.  

• For tractability we limited the database to those 
subjects with between one and ten episodes in the 
three-year period. 

• This provided 153,115 episodes over 33,998 subjects.



One-Day v. Multi-day Episodes 
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Analysis
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We use the Anderson-Gill model for multiple episodes.

Tikm refers to the duration of the ith episode in the sequence, 
with diagnosis k, at treatment location m. 
xj refer to individual level variables including age, gender, 
and employment status. 

yn refer to individual insurance variables: coinsurance, deductibles 

fg characterize the employer where the subject either works
or has coverage as the dependent of a worker . 



Analysis (2)
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We use the Anderson-Gill model for multiple episodes.

Likm, for example, is EPS_3PO with a value of 1, indicating 
that the current episode is the third (3) episode in the sequence 
and is a psychiatric (P) outpatient (O) episode.

zuv, for example, is PSY_P_ALC (“PSYch episode where the 
Previous episode was an ALCoholism episode”) has a value of 1. 
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Median Episode Length
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Conclusions

• Episodes are complex.
• We identify both individual and employer effects on 

episode length.  
• We find that episode lengths vary by the diagnosis 

type, and that the lengths (and by inference cost and 
utilization) may depend on the treatments that occurred 
in previous episodes.  

• We provide a method that adjusts episode lengths 
according to the probability of censoring.


